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Abstract. 
This dissertation was written as part of the MSc in Banking and Finance at the 
International Hellenic University. 
 
Economists and investors had always tried to predict future stock movements based 
on past information. However, the theory of the Efficient Market Hypothesis suggested 
that the market follows a random walk and thus that it is impossible to predict future 
stock prices based on past information. It wasn’t until the 90’s that theories such as 
the momentum became popular. 
 This study searches the existence of momentum evidence in three emerging markets. 
Data from Brazil, China and South Africa were used and portfolios of “winners” and 
“losers” were created. The basis of this research has been the work of Jegadeesh and 
Titman (1993), which proved the existence of momentum effects in the U.S. market. 
The questions that this study aims to answer is if there any momentum traces in the 
countries under examination, if the strategies are profitable and if the portfolios 
present better results when composed of from companies of one country or mixed. 
The procedure to determine if there is evidence of momentum is done by a 
comparison of the Sharpe Ratio of the portfolios and the Sharpe Ratio of the main 
stock indices in these countries per month and then we determine the number of 
months that the portfolios outperformed. 
Results showed that although there is some evidence of momentum in these markets, 
when going long the “winners” they were proven to be statistically insignificant. On 
the other hand, significant results when shorting the “losers” proved that there is no 
momentum evident in this strategy. 
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CHAPTER 1: INTRODUCTION  
Using historical information as way of making investment decisions had always 
troubled economists. In 1965 Samuelson took the first steps in what would grow to 
become one of the most controversial theories in the history of economics. The 
Efficient Market Hypothesis. Samuelson, along with Fama (1965) suggested that 
stock returns could not be predicted. However, in the 1990’s, many behavioral 
scientists and economists started to cast some doubt around this theory and 
proposed different kinds of investment tools and strategies that could predict the 
course of a stock price. One of these strategies is the momentum. 
According to Fama (1998) momentum strategy, is the one of all the strategies 
identified that most seriously challenges the market efficiency hypothesis. 
Momentum investing seeks to take advantage of market volatility by taking short-
term positions in stocks going up and selling them as soon as they show signs of 
going down *. Technical analysis aims to generate significant abnormal returns by 
taking advantage of stock price momentum exhibited by past winners. According to 
the Efficient Market Hypothesis, these kind of strategies should produce irrelevant 
results. However, by implementing them, investors and fund managers have 
succeeded in making prominent results in stock markets, thus making the stock price 
momentum a very interesting topic for research by both investment professionals 
and academics. 
 
Research has provided three different stock trading strategies and literature puts 
them in three different categories with respect to their time horizon. These are: (a) 
short-term reversal (Jegadeesh, 1990); (b) intermediate momentum (Jegadeesh and 
Titman, 1993); and (c) long-term reversal (Debondt and Thaler, 1985, and Fama and 
French, 1988). 
  
* Source: https://www.investopedia.com/trading/introduction-to-momentum-
trading/ 
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Of all the aforementioned strategies, the intermediate momentum the intermediate-
term momentum strategy shows strong persistence in both the U.S. and 
international markets (Asness, Liew and Stevens, 1997, Rouwenhorst, 1998), and 
continues to exist for post 1990 periods (Jegadeesh and Titman, 2001), in contrast to 
its other momentum counterparts. This is the main reason why we chose to work on 
this strategy as well. More specifically, the main inspiration of this thesis, is the 
research paper by Jegadeesh and Titman (1993) which was the first to identify the 
presence of momentum effect in the U.S. stock market. 
There has been plenty of research concerning the momentum strategy in the United 
States and in Europe but little has been focused on emerging markets.  Therefore, in 
this paper, we will try to check how the momentum strategy works in emerging 
markets. We want to find out if there are any traces of momentum effects in these 
markets. As mentioned earlier, most of the research was concentrated either in 
U.S.A. or in large European markets. But there has been almost no research 
concentrated on countries of different geographical area that are connected with 
socioeconomic bonds. That is why we considered this research area as pretty 
attractive and worth investigating.  
 
According to MSCI Market Classification Framework * (2014) an emerging market is 
a country that has some characteristics of a developed market, but does not satisfy 
standards to be termed a developed market. The four largest emerging and 
developing economies are Brazil, Russia, India and China. Because of time and space 
constraints we will take under examination three emerging markets. These are China 
from Asia, South Africa from Africa and Brazil from the Americas. We examine thirty 
companies from each country for a total of ninety companies and we use monthly 
returns from January 2004 to December 2017.  
 
* The MSCI Market Classification Framework consists of following three criteria: 
economic development, size and liquidity as well as market accessibility.  Source: 
https://www.msci.com/market-classification 
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Based on their momentum we separate the companies into “winners” and “losers”, 
with the former being the top 5 five companies for any given month t, and the latter 
the bottom 5 and then we create portfolios with them with equal weights. In any 
month we have a long position on the “winners” portfolios and a short position on 
the “losers” portfolios. We have different portfolios for each countries separately 
and then we create mixed portfolios with companies from all of the countries based 
again on their momentum. Eventually, we create in total 8 eight different portfolios 
for any given month t. Our hypothesis is that if we can beat the market if we bet on 
the momentum based portfolios. The comparison are made by the use of the Sharpe 
Ratio. 
 
This thesis will try to provide answers to several questions that arise. Is momentum 
present in emerging markets? Is a momentum strategy profitable? Does momentum 
favors investing in countries separately or mix the stocks? 
 
We think that this paper will put more insight into the investment strategies 
concerning the emerging markets. Most of the literature concentrates on the US 
markets and Europe, where most countries are considered developed, so we hope 
that our paper will be useful to academians and investors who concentrate on 
emerging markets. If another study manages to find traces of momentum effects in 
these markets, it would be additional evidence to the literature. Finally, investment 
professionals could possibly find this study useful and discover new aspects about 
how the selected emerging markets work and come across potential opportunities 
that may arise.  
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CHAPTER 2: LITERATURE REVIEW 
2.1 Efficient Market Hypothesis 
The theory of the efficient market hypothesis was first discussed by Samuelson in 
1965 in his article “Proof that Properly Anticipated Prices Fluctuate Randomly”. Later 
on, Malkiel and Fama (1970) described that an efficient market is a market in which 
prices "fully reflect" available information, with the conclusion that stock market 
prices follow a random walk, and returns are unpredictable. In a similar manner, 
Lucas (1978) stated that in markets where, all investors have ‘rational expectations’, 
prices do fully reflect all available information and marginal-utility weighted prices 
follow martingales. There were also many models such as the Capital Asset Pricing 
Model (CAPM), which was introduced in 1964 by Sharpe that tried to explain asset 
returns. More specifically, Sharpe proposed that an asset’s return is a function of its 
systematic risk, or in other words, its sensitivity to variations in the financial markets. 
However, according to Hong and Stein (1999), as an alternative to these traditional 
models, many begun to turn to “behavioral” theories, where “behavioral” can be 
broadly construed as involving some departure from the classical assumptions of 
strict rationality and unlimited computational capacity on the part of investors. The 
CAPM model was deemed insufficient and new models that incorporate new risk 
factors besides the asset’s systematic risk were created. In their 1992 paper, Fama 
and French proved the importance of other factors such as the company size and 
book-to-market ratio. Consequently, Fama and French (1993) proposed a three-
factor model. In this model, they added the risks that arise from a company’s size 
and book-to-market ratio from their previous research paper to the same company’s 
systematic risk. 
 
Some modern definitions of the Efficient Market Hypothesis (EMH) is the one from 
Allen, Brealey and Myers (2011). They defined a market as efficient when it was not 
possible to earn a return higher than the market return. To put it differently, the 
value of shares reflects the fair value of the company and is equal to the future cash 
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flows discounted by an alternative cost of capital. Degutis and Novickytė (2014) 
argue that the essence of an efficient market is built on two pillars: 1) in efficient 
markets, available information is already incorporated in stock prices; 2) in efficient 
markets, investors cannot earn a risk-weighted excess return. According to Fama 
(1970) market efficiency is usually broken down into three levels. Weak, semi-strong, 
and strong forms of market efficiency. In weakly-efficient stock markets, the current 
stock price reflects all information related to the stock price changes in the past. 
Secondly, in semi-strongly efficient markets, current stock prices reflect not only 
information about historical prices but also all current publicly available information. 
Finally, in strongly efficient markets, current stock prices reflect all possible 
information which does not necessarily have to be public. This form of market 
efficiency implies, according to Malkiel (2011), that it is impossible to earn excess 
profit while trading on insider information which seems to be unlikely. On the other 
hand, some authors, including Schwert (2003) suggested that the strong form of 
market efficiency could be possible since insider trading is not legal. As for the other 
two forms of the EMH, Palan (2004), notes that the weak form is among the 
assumptions in the valuation of stocks and options. Furthermore, with respect to the 
semi-strong form and its results studies do not offer a concrete answer. Finally, it is 
worth noting that in their 1990 paper, Bernard and Thomas suggested that investors 
sometimes underreact to information about future earnings contained in current 
earnings. 
 
The EMH provides one huge challenge. The anomaly. Lo (2007) defines the anomaly 
as a regular pattern in an asset’s returns which is reliable, widely known, and 
inexplicable. However, they continue by stating that the fact that the pattern is 
regular and reliable implies a degree of predictability, and the fact that the regularity 
is widely known implies that many investors can take can advantage of it. One major 
example of an anomaly is the “size effect”.  Banz (1981) described the size effect as 
“the apparent excess expected returns that accrue to stocks of small-capitalization 
companies – in excess of their risks.” Another famous anomaly is the so-called 
“January effect”. Rozeff and Kinney (1976) were the first to document this. The 
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researchers found that small capitalization stocks tend to outperform large 
capitalization stocks by a wide margin over the turn of the calendar year. 
 
2.2 The Momentum Factor 
In the financial literature however, there are reports that examine the existence of 
various investment strategies that generate abnormal returns which are not 
explained by the contemporary models of risk. Momentum strategy is one of these. 
In essence, these strategies are based on the tendency of assets to keep the same 
recent behavior relative to the market in the short-term. Momentum has 
consistently allowed investors to reach superior performance, by helping them to 
capitalize on the continuance of an existing market trend. 
 
De Bondt and Thaler (1985) proved the existence of overreaction in the markets 
based on the findings that stock price movements are strongly correlated with the 
following year’s earnings. They suggested that we could predict future prices of the 
stock based on past date in case there is excessive movement. They proposed the 
contrarian strategy, meaning that portfolios consisted of stocks that 
underperformed in the past (losers) will perform better in the future than portfolios 
consisted of stocks that performed better in the past (winners). Thirty six months 
after portfolio formation, the losing stocks have earned about 25% more than the 
winners, even though the later are significantly more risky, thus proving their 
hypothesis. What is more, Lehmann (1990) proved another contrarian strategy. He 
financed long positions in losers with short position in winners. This zero net 
investment strategy showed that it could generate always positive returns for 
monthly NYSE/AMEX stock returns data. The time period was from 1962 to 1985.  
Nonetheless, Jegadeesh and Titman (1993) suggested the contrary. That buying 
winners and selling losers could attain abnormal returns for the investors. That is 
called the momentum effect. They stated that if stock prices either overreact or 
underreact to information, then profitable trading strategies that select stock based 
on their past returns will exist. Their strategy went as followed: in any given month t, 
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the strategies hold a series of portfolios that are selected in the current month as 
well as in the previous K-1 months, where K is the holding period. Specifically a 
strategy that select on the basis of returns over the past J months and holds them for 
K months. Jegadeesh and Titman concluded that buying the past winners and selling 
the past losers realized significant abnormal returns. Their research period was the 
years 1965-1989 and the strategy of selecting stock based on their past 6-month 
returns and holding them for 6 months, generated a compounded excess return of 
12.01% per year on average.  
 
Chan, Jegadeesh and Lakoshinok (1996) tried to trace the sources of the 
predictability of future stock returns based on past returns. To achieve that, they 
looked to earnings to try to understand movements in stock prices. They wanted to 
relate the evidence on momentum in stock prices to the evidence on the market’s 
underreaction to earnings related information. Some of the conclusions of this 
research paper include the price momentum effect tending to be stronger and 
longer than the earnings momentum effect. What is more, the researchers found 
that in the first 12 months after the formation of the portfolios, the stocks that were 
ranked higher based on part returns, exhibited abnormal returns. 
 
With their 2001 paper Jegadeesh and Titman tried to provide explanations for the 
profitability of the momentum strategies that were documented in their 1993 paper. 
Their evidence suggests that momentum profits had continued in the whole decade, 
thus proving that the original results were not a product of data snooping bias. Shen 
et al. (2005) tried to create a link between value/glamour and momentum strategies 
in international markets, and extend Jegadeesh and Titman (2001)-type tests, which 
attempt to distinguish between competing explanations of the momentum 
phenomenon, to international market indices. More specifically, their hypothesis 
states that if the market participants underestimate short-run earnings growth for 
stocks that were identified as past winners, and if growth stocks are more sensitive 
to earnings surprises than value stocks, then it is intuitively expected that 
momentum strategies would work better within the growth indices. Their hypothesis 
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was confirmed, particularly for 6- and 9-month formation/holding periods. They 
found that momentum profits are much stronger in the growth indices, than in the 
value indices, or in blended overall country equity indices. In addition to that, when 
they proceed on implementing momentum strategies with both the growth and 
value indices at the same time, the average ex post performance is similar to what is 
obtained using the blended indices. However, they could not conclude whether 
momentum strategies are as profitable in international markets as they are in the 
United States. 
 
Many followed on the steps of Jegadeesh and Titman (1993). There were plenty of 
research papers that tried to examine whether the momentum effect existed in 
international finance markets. Rouwenhorst (1998) examined 12 European countries 
and found that an internationally diversified portfolio of past winners outperformed 
a portfolio of past losers by about 1 percent per month. He also stated that return 
continuation is present in all countries, and holds for both large and small firms, 
although it is stronger for small firms than large firms. The conclusion of the research 
was that the findings were consistent with the ones of Jegadeesh and Titman in 
1993, making it unlikely that the U.S. experience of momentum was due to luck. 
Moreover, Rouwenhorst (1999) took 20 countries that were identified as emerging 
markets and by using the mean of the emerging countries found evidence of 
momentum. Asness, Moskowitz and Pedersen (2013) examined both the value and 
momentum effects and their returns jointly across eight diverse markets and asset 
classes. They found significant return premia to value and momentum in every asset 
class and strong comovement of their returns across asset classes. While most of the 
research, as well as both behavioral and rational theories for value and momentum 
was concentrated predominantly on equities, Asness, Moskowitz and Pedersen 
proved the existence of correlated value and momentum effects in other asset 
classes. All of them with their different investors, institutional structures, and 
information environments. Their research argued for a more general framework, in 
respect with the momentum effect. 
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Cheng and Wu (2010) provided evidence of whether momentum profits exist in non-
U.S. markets, and whether the possible explanations that are found in the United 
States market are applicable to non-U.S. markets. They examined the Hong Kong 
stock exchange they found that momentum portfolios attain significant profits when 
the strategy is implemented with relatively short formation and investment periods. 
They also presented detailed analyses of momentum trading strategies to gauge the 
robustness of the U.S. findings to data-snooping bias, and to evaluate alternative 
explanations of momentum profitability. In addition, there were papers that tried to 
explain momentum. Du (2008) provides a summary of them. There are papers like 
Jegadeesh and Titman (1993), Fama and French (1996) and Grundy and Martin 
(2001) that show that risk adjustment, unconditional or conditional, tends to deepen 
rather than explain momentum. Moreover, Chordia and Shivakumar (2002) found 
that a set of lagged macroeconomic variables can explain momentum, a finding that 
was later disputed by Griffin, Ji and Martin (2003) who suggested that those macro 
variables have little relation to momentum. Another paper that examined the 
momentum strategy in Europe is the 2004 “Do countries or industries explain 
momentum in Europe” (Nijman, Swinkels and Verbeek 2004). In this paper, the 
researchers investigated whether countries and industries can explain the 
momentum effect in the continent. However, their results proved them that these 
factors cannot do it. Their findings indicate that the momentum effect in Europe 
over the timespan of 1990 to 2000 is primarily driven by an individual momentum 
effect. Economically important industry momentum effects explain part of the 
expected return of the momentum strategies, but were characterized as statistically 
insignificant. Furthermore, the evidence of a country momentum effect on top of 
individual and industry momentum was even weaker. 
 
What is more, Piccoli et al. (2017) point that the profitability of a contrarian strategy 
(long the past losers, short the past winners) in support of the overreaction 
hypothesis relies upon return reversal while that of a momentum style strategy 
(short the past losers, long the past winners) rests on return continuation. Singh 
(2018) suggested that momentum investing strategy seems to be a lot easier than 
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the contrarian strategy to practice because it simply means “going with the market 
trend”. It aims to capitalize on the continued trends of the markets in the recent 
times. Menkhoff (2010) proved that momentum traders are different from the 
typical kind of investors in two essences. Firstly, under a behavioral point of view, 
they try to combine the short term horizon with the long term fundamentals, and 
secondly, they are less risk averse than other investors. Menkhoff suggests that this 
kind of risk aversion may be the reason that momentum investing strategy produces 
abnormal returns. 
 
Han and Zhou (2013) suggested the trend factor as another way of implementing the 
momentum strategy. They used moving averages (MA) to capture the short, the 
intermediate and the long term period. The researchers proposed that short term 
positive or negative shocks (one example they used is mergers and acquisitions) can 
cause price changing, without creating price trends. Thus they suggested that 
momentum is not caused just by price trends. In their research they tried to create a 
factor to capture the predictability and the pricing power of authentic price trends in 
the stock market. Eventually, Hand and Zhou are able to achieve this by succeeding 
an average returns of 1.61% per month, which was double than the momentum 
factor. 
 
In our research, we have taken into account three countries that belong to the 
emerging markets. These countries are South Africa, Brazil and China. It will be 
useful to examine the literature with respect to these three countries. 
 
Fraser and Page (2000) were among the first researchers who tried to examine the 
momentum effect in South Africa. Their findings showed a momentum-based 
strategy can be profitable on the Johannesburg Stock Exchange (JSE), if we take in to 
account all industrial stocks. Magnusson and Wydick (2002), however, showed that 
South African market is of the weak form efficiency and as a result stock price 
movements could not be predicted. In the same notion, Van Rensburg and 
Robertson (2003), found no significant evidence of momentum on the JSE. 
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Moreover, Venter (2009) did not also find any evidence. Bolton and Boetticher 
(2015) examined the period from 2008 to 2014, the period right after the global 
financial crisis, and took the data from the top 40 companies traded on the JSE. 
However, they did not find trace of momentum either. 
 
Moving to China, Wang Su-sheng & Li Zhi-chao (2013) suggest that momentum and 
contrarian effects are financial anomalies that have a presence on firm level. The 
authors tested both of these strategies in the bull and bear markets taking data from 
the Chinese stock market. They find that momentum and contrarian effects are 
consistent in different market states. The portfolio sorted by customer industries 
mainly exhibits momentum effects and the portfolio sorted by supplier industries 
exhibits contrarian effects. What is more, Li, Qiu and Wu (2010) tested 25 
momentum and contrarian trading strategies using monthly stock returns from the 
Chinese Stock Exchange. The period under examination was the years from 1994 to 
2007. The results indicated that there is no evidence for momentum profitability. On 
the other hand, there is some evidence of reversal effects where the past winners 
become losers and past losers become winners. 
 
Taking Brazil into account, the aforementioned study by Rouwenhorst (1999) used 
data from the country to find evidence of momentum. More specifically, the 
researcher examined 87 listed Brazilian companies from the years 1982 to 1997, 
testing a (6/6) strategy, which means that both formation and holding periods are 6 
months. However, while mean data from all the countries provided evidence of 
momentum, the research could not provide similar results when Brazil was 
examined individually. Bonomo and Dall’Agnol (2003) rejected the momentum effect 
identified by Jegadessh and Titman in 1993, while Kimura (2003), suggested that it is 
impossible to gain from adapting momentum or contrarian strategies in the Brazilian 
market. Finally, Piccoli et al. (2015) used the logarithmic returns of the 200 biggest 
companies of the Bovespa stock exchange at the time period between January 1997 
and March 2014, and in the essence of Jegadeesh and Titman (1993) constructed 
portfolios of winners and losers based on their past performance. They proceed to 
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buy the winners and sell the losers. The results suggested that the weak evidence of 
momentum effect in Brazil could be explained by the crashes that the momentum 
portfolios suffer during crises, which, in a short time span, cancel out a big part of 
the profits created in other periods. 
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CHAPTER 3: DATA AND METHODOLOGY 
3.1 Sample 
As it is mentioned in the introduction we decided to use countries that their markets 
are classified as emerging. We decided to use three countries to have a bigger and 
more diverse sample as possible. Brazil, China and South Africa according to the 
MSCI Framework (2014) are recognized as emerging markets. The decision as stated 
in the introduction was based on the belief that it is better to have one country to 
represent one continent. Originally, it was intended to use the thirty (30) biggest 
companies on each county’s main stock exchange index. These are the São Paulo 
Stock Exchange (Hereafter B3), the Shanghai Stock Exchange (Hereafter SSE) and the 
Johannesburg Stock Exchange (Hereafter JSE). However, this proved to be 
unattainable, because there were no relative data for many companies in the time 
period under examination (January 2004 – December 2017). Eventually, we took 
under examination thirty (30) random companies from each country for a total of 
ninety (90) companies, using monthly returns, which were downloaded from the 
website “Investing.com”. It would be proper to clarify at this point that in our test 
examinations the companies are shown by their symbols that are used in their 
corresponding stock exchanges. 
3.2 Momentum Factor 
All the calculations were executed via Microsoft Excel. It should be noted however 
that the most common way of doing research of this field is MATLAB. As we stated 
above, the period under examination is the period from January 2004 to December 
2017. This gives us a total of 168 months for each company. Each spreadsheet was 
downloaded separately from the Investing.com database. In each one of them we 
calculated the returns and then proceeded to calculate the gross returns of the 
stocks by adding 1 to the returns. The next step was the calculation of the 
momentum factor. In their 1993 paper Jegadeesh and Titman proposed the J-
month/K-month strategy, and for their findings they used a 6/6 strategy. Specifically 
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a strategy that selects stocks on the basis of returns over the past 6 months and 
holds them for 6 months. Nonetheless, they proposed that the most successful zero-
cost strategy selects the stocks based on their returns over the previous 12 months 
and then holds the portfolio for 3 months. Thus we decided to use the 12/3 strategy 
for our examination. This means that we should have observed every stock for a 
period of 12 months before deciding to buy it. It is worth stating that through this 
procedure, the stock selection in each point of time is based in returns over a year 
before. So, we calculated the momentum factor for any given month t based on the 
following formula: 
rt-12×rt-11×rt-10×rt-9×rt-8×rt-7×rt-6×rt-5×rt-4×rt-3×rt-2 -1 
skipping the last month. We continued by putting all of the thirty companies of each 
countries in the same excel spreadsheets, thus creating 3 different spreadsheets 
with all the necessary information we needed to perform the test. We calculated the 
3-month returns for any given month t by using the following equation:       
rt = 
     –   
  
 
where P=price. 
We have to state here that because of the observing period of 12 months and the 
holding period of 3 months the total observations for each of the companies 
selected fell down to 154. What is more, any Chinese companies that were search 
missed data about the first two or three months of 2004. That was expected because 
the SSE was established on January 2004. 
3.3 Portfolios Creation 
Based on the momentum, as we mentioned above, we had to create the portfolios 
from the sample for each countries. To do that we made use of the LARGE and 
SMALL functions in Excel. The 5 companies with the biggest momentum factors for 
any given month t were selected to form the long (“winners”) portfolios and the 5 
companies with the smallest momentum factors were selected to form the short 
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(“losers”) portfolios. The next step was to link the momentum factors that were 
selected with their corresponding 3-month return, so to be able to calculate the 
expected returns of the portfolios. This was made possible through the VLOOKUP 
function of excel. Having attained this, the procedure continued by calculating the 
expected returns of both the long and short portfolios. We decided that each 
company would have an equal weighting (20%) for our hypothetical investment. The 
expected return is calculated through the following formula: 
E(rp) =ri×wi+ ri+1×wi+1+ri+2×wi+2+ri+3×wi+3+ri+4×wi+4 
Where, r = return of each company selected and w = weight of the investment (in 
our case 20%). 
By this procedure, we managed to create 8 different portfolios. One long (“winners”) 
and one short (“losers”) for each country for a total of 6 and one long (“winners”) 
and one short (“losers”) that contained companies from all of the three countries 
based on the momentum. We named these, the mixed portfolios. 
3.4 Portfolios Comparison 
Having created the aforementioned portfolios we decided that the best way of 
detecting if there is momentum in the selected emerging markets is to make 
comparisons with the main indices of the countries through a Sharpe ratio. The 
Sharpe ratio (or else, the reward-to-variability ratio), was developed in 1966 by 
William Sharpe and is used to help investors understand the return of an 
investment compared to its risk. It is defined as “the difference between the returns 
of the investment and the risk-free return, divided by the volatility of the 
investment. It represents the additional amount of return that an investor receives 
per unit of increase in risk.” (Sharpe, 1966).  
 
 
 
 
 
21 
 
To calculate the Sharpe ratio we made use of the following formula: 
Sharpe Ratio =  
   –  
   
where  Rp = return of portfolio, 
              Rf = risk-free rate, and  
              σp = standard deviation of the portfolio’s excess return 
As risk-free rates we chose the rates of the 3-month treasury bills from each country, 
however, in the case of China we are not able to find relevant data, so we used the 
rates for the 1-year treasury bills. We downloaded the data from the 
“Investing.com” database as well as the database of the Federal Reserve Bank of St. 
Lewis. Furthermore, to conduct the research concerning the mixed portfolios we 
chose to make the comparison with the results of one of the pioneers of the Efficient 
Market Hypothesis. Professor Fama along with his research partner Professor French 
have conducted their own research concerning the momentum in emerging markets 
and have created portfolios based on that * . So, we figured that it would be a good 
idea to compare our results with their own. By calculating the Sharpe Ratios we 
could now progress to the comparison to identify if there are any momentum traces 
in the period under examination. If the Sharpe Ratio of the portfolio at the month 
under examination was bigger than the Sharpe Ratio of the Index then it meant that 
momentum effects were present as it would indicate that the investment based on 
the momentum strategy performed better than the index. Finally, we ran a Student’s 
t-test to determine whether our results were statistically significant.  
 
* Source:  
http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/Data_Library/six_portfoli
os_momentum_emerging.html 
 
 
 
22 
 
CHAPTER 4: FINDINGS / DATA ANALYSIS 
In this section we are going to present the results of our research. Because, as we 
mentioned above, we took three different countries and examined them separately, 
before mixing them to create mixed portfolios consisting of companies of all the 
counties together, we decided that it would be better to present the results for each 
country separately, then presenting the results of the mixed situation and 
connecting them in a separate section.  In the final part of this section a board with 
all the results is presented. Below we present the results by country in alphabetical 
order. 
4.1 Brazil Results 
Starting from Brazil, we present a graph that shows the 3-month returns of the 
“winners” and the “losers” portfolios and how that are compared with the country’s 
main index returns over the same time period. 
Figure 1: Brazil – Winners and Losers portfolios returns in accordance with the Index. 
From the above graph we understand that the Losers Portfolio is the one with the 
highest volatility among the group. This is easy to understand if we notice that it is 
 
 
23 
 
the one with the big outliers and the biggest spikes. We can also understand this by 
observing the standard deviations of the portfolios. Winners portfolio has a standard 
deviation of 13.62%, Index (BOVESPA) has a standard deviation of 12.16% while 
Losers portfolio has a standard deviation of 21.83%. What is more we should notice 
that the winners portfolio is the one with the lowest average return during the 
period of 2004-2017, followed by the losers and the highest average return belonged 
to the BOVESPA index. 
 
Figure 2: Brazil – Average 3-month Returns for the Examination Period (2004-2017) 
We see that the Average Index 3-month return was 2.79% (the highest), the Average 
losers 3-month return was 2.72% and the lowest Average 3-month Return of 2.09% 
belonged to the winners. So we see that neither of our portfolios managed to 
outperform the BOVESPA in these terms. What is also worth noting is that the losers 
portfolio is the one with the highest number of negative returns during the period 
under examination, compared to the winners and the index. The losers portfolio 
generated negative returns for 81 months compared to the 67 and 91 of the winners 
and index respectively. However, our strategy was to short the losers portfolio. So if 
we just change the signs of the returns from positive to negative and inversely we 
have a different image. 
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Figure 3: Brazil – Losers Return and their Short Position 
This is a completely inverse image and it is worth noting because we calculated the 
Sharpe Ratios for our comparison based on the returns of the short position. We 
conclude that the 81 months of negative returns were in our favor, as short investing 
means that we predict that the prices are going down. After calculating the short 
position we had to calculate the Sharpe Ratios and make the comparisons. The 
general rule is that the highest the Sharpe Ratio, the better, thus we calculated the 
Sharpe Ratios for every month t for both the winners and short positioned losers and 
we compared them to the Sharpe Ratios of the Index. 
 
Figure 4: Brazil – Sharpe Ratios of Winners vs Sharpe Ratio of BOVESPA 
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By observing the previous graph we notice that the Sharpe Ratios follow a somewhat 
similar path with each other and follow the same pattern. However, the BOVESPA 
Sharpe Ratio seems to have more spikes and bigger outliers than the Sharpe Ratio of 
the Winners portfolio. This becomes more evident by calculating the number of 
months under the examined time period that the Sharpe Ratio of the Index was 
higher than the Sharpe Ratio of the portfolio. For 86 months, the BOVESPA had a 
higher Sharpe Ratio, which accounts for the 55.84% of the months under 
examination. On the other hand, for 68 months the Sharpe Ratio of the portfolio was 
higher than the one of the market index, thus proving that for these months 
momentum traces were evident. However, this accounts for only the 44.16% of the 
whole period. What is more by running a Student’s t-test to check for significance, 
we found that our results were not statistically significant as the p value was 0.6651 
which is higher than 0.05 for a confidence interval of 95%. (t-stat: 0.4334). Thus, we 
cannot reject the H0 of no significance.  
Despite the fact that inversing the sign of the losers portfolio to check the short 
position was believed to be in our favor, the results do not show much difference 
than the ones of the winners portfolio. 
 
Figure 5: Brazil – Sharpe Ratios of short positioned losers vs Sharpe Ratios of BOVESPA 
 
 
26 
 
By observing the previous graph we can notice that in contrast with the one of the 
winners, here the Sharpe Ratios do not follow a similar path nor have a similar 
pattern. Although the BOVESPA Sharpe Ratio seems to have more spikes, the short 
Sharpe Ratio has bigger outliers, especially one in January 2016, where the Sharpe 
ratio was found to be –628.63%. When counting the number of months however, 
that the Sharpe Ratio of the short positioned losers was higher than the Sharpe Ratio 
of the BOVESPA we arrive at similar conclusions with the previous examination. We 
found that for 70 months the former was higher than the latter, which accounts for 
the 45.45% of the whole time period. In contrast, the Index Sharpe Ratio was higher 
for 84 months, accounting for 54.55% of the examination period. However, when 
performing the Student’s t-test for significance we found a p value of 0.0332 (t-stat:-
2.1395) which is lower than 0.05 for a 95% confidence interval. This means that we 
can reject the H0 of no significance. 
Portfolio Momentum Traces P value Significance 
Winners 44.16% 0.6651 No 
Losers 45.45% 0.0332 Yes 
 
Table 1: Brazil – Summarized Results 
 
4.2 China Results 
China is the second country under examination in our research. As it is mentioned 
above, China’s main stock exchange, the SSE was founded in January 2004. So our 
findings are limited in the essence that we started our research concerning the 
Chinese market from March 2004 and in some instances in April 2004. Nevertheless 
in the following graph, we present the 3-month returns of the winners and losers 
portfolio and how they are in accordance with the returns of the main index of the 
country, the Shanghai Composite, during the time period under examination. 
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Figure 6: China - Winners and Losers portfolios returns in accordance with the Index. 
Observing the above graph can lead to several assumptions. First of all, the losers 
portfolio is once again the portfolio with the highest volatility, followed again by the 
winners. We see that losers portfolio is the one with the highest spikes and bigger 
outliers. The standard deviation of it was found to be 23.02%, while the winners 
stood at 20.65%. Finally, the index had the lowest standard deviation at 17.34%. 
What change here, with respect to Brazil, are the average returns of the portfolios 
during the period under examination. 
 
Figure 7: China – Average 3-month Returns for the Examination Period (2004-2017) 
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We notice that in China the situation is different than in Brazil. Here, losers portfolio 
has the highest average 3-month return with 8.27%, severely outperforming the 
Shanghai Composite, which had a return of 3.44% over the 2004-2017 period. What 
is more, we observe that winners portfolio outperforms the index too, as it has an 
average return of 6.98%. What is also worth noting is that in China both the two 
portfolios, as well as the Shanghai Composite experienced positive returns for way 
over than half the months during the period under examination. More analytically, 
winners portfolio had positive results for 101 months, losers portfolio for 98 and the 
Shanghai Composite for 82 months. In the same manner we inversed the losers 
portfolio results to check for momentum in a short position. 
Figure 8: China – Losers Return and their Short Position 
A highlight here is the 116.20% return in November 2006, which is the biggest return 
found in the examination of the country was transformed into a -116.20% with the 
decision to perform a short strategy on the portfolio. We can notice that the same 
thing happened in the returns of December 2008 were a return of 86.04% was also 
reversed, as well as in January 2015 with a return of 59.85%. These were the three 
largest returns generated by both portfolios and the Shanghai Composite. 
Eventually, we were able to calculate the Sharpe Ratios of the winners portfolio, the 
short positioned losers and the index and then make the necessary comparisons to 
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determine if there are any traces of momentum effect in the period under 
examination. 
Figure 9: China - Sharpe Ratios of Winners vs Sharpe Ratio of Shanghai Composite 
By observing the above graph we understand that both the Sharpe Ratios follow a 
similar pattern, however the winners Sharpe Ratio seems to have higher spikes and 
outliers. For example, in October 2006 the winners portfolio has a Sharpe Ratio of 
388.60% against a 300.86% of the main index. This becomes more evident if we 
count the number of months that winners Sharpe Ratio outperformed the Shanghai 
Composite. For 93 months the winners outperformed the index, while the contrary 
happened for 59 months. These accounts for 61.18% and 38.82% respectively. 
However when conducting a Student’s t-test to determine if the results were 
statistically significant we found that the p value was 0.2060 (t-stat: 1.2674) which is 
above the 0.05 for a 95% confidence interval, thus making us unable to reject the H0 
of no significance.  
Checking for momentum in the Chinese market by positioning short on the losers 
portfolio didn’t seem to be a profitable decision. As we mentioned above, the losers 
had an average return of 8.27%, which was by far the highest average return 
documented. However, the inversing changed that. We understand that by 
examining the Sharpe Ratios. 
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Figure 10: China - Sharpe Ratios of short positioned losers vs Sharpe Ratios of Shanghai Composite 
We understand that, as presented in the above graph, the Sharpe Ratio of the 
Shanghai Composite outperforms the one of the Short positioned losers. We can see 
that is has many more spikes that are higher than the Sharpe Ratio of the index, as 
well as it has many more values above zero. By counting the months that the 
Shanghai Composite Sharpe Ratio outperformed, we reach to the number of 89 
months out of 152. That accounts for the 58.55% of the time period between 2004 
and 2017. In contrary the losers portfolio outperformed for 63 months, for the 
44.45% of the time period. In addition, when conducting the Student’s t-test for 
significance we found that the p value was 0.000 (t-stat: -4.7845) which is below 0.05 
for a confidence interval of 95%, as well as 0.01 for a confidence interval of 99%, 
thus letting us to reject the H0 of no significance. 
Portfolio Momentum Traces P value Significance 
Winners 61.18% 0.2060 No 
Losers 44.45% 0.0000 Yes 
 
Table 2: China – Summarized Results 
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4.3 South Africa Results 
South Africa is the third and last country under examination in our research. In the 
same essence as in the previous examinations, we start by presenting a graph that 
shows the 3-month returns of the two portfolios (winners and losers) and the 
country’s main Index, the JSE Top 40. 
Figure 11: South Africa - Winners and Losers portfolios returns in accordance with the Index. 
Observing the above graph leads to several assumptions. First of all, once again the 
losers portfolio is the one with the highest volatility although the difference here is 
closer in comparison to the previous examinations. The losers portfolio has a 
standard deviation of 14.22%. It is also worth noting that the losers portfolio 
presented by far the highest 3-month return in the period between December 2004 
and September 2017. In January 2016 the portfolio presented returns of 79.33% and 
a month earlier, in December 2015, returns of 75.17% which is the second highest 
return observed in the time period under examination. Second in terms of volatility 
comes the winners portfolio with a standard deviation of 10.61%, which in contrast 
with the losers portfolio, presented the lowest return of the period, in July 2008. The 
portfolio that was formed based on its momentum in that month experienced a 3-
month negative return of -44.67%. Finally, the JSE Top 40 is the least volatile among 
the group with a standard deviation of 7.65%. 
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Figure 12: South Africa – Average 3-month Returns for the Examination Period (2004-2017) 
In South Africa the situation is once again different than in Brazil and China. The 
winners portfolio has the highest average 3-month return at 4.98%. What is more, 
the winners portfolio presented positive returns for 116 months. The JSE Top 40 
presented an average 3-month return of 3.28% and had positive results for 112 
months, while the losers portfolio had an average 3month return of 2.45% and 
presented positive returns for 86 months in total. Furthermore, we inversed the 
losers portfolio to check about the performance of a “short the losers” strategy. 
 
Figure 13: South Africa – Losers Return and their Short Position 
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We have to hghlight here that the biggest positive return that we mentioned above 
(79.33%, January 2016) was inversed while perfoming the shorting strategy. 
Analyzing the above results, lead to the assumption that the losers portoflio was 
already profitable and maybe the shorting strategy would not lead to desirable 
results. Nonethelss, we continued by calculating the Sharpe Ratios. 
 
Figure 14: South Africa - Sharpe Ratios of Winners vs Sharpe Ratio of JSE Top 40 
Again we see a similar pattern, although the winners Sharpe Ratio seems to have 
higher spikes and outliers. For example, in January 2008 it outperforms the index 
Sharpe Ratio by far, with a 260.24% against 148.02%. However, it is worth 
mentioning that the winners portfolio presented the lowest Sharpe Ratio in the 
examination with a -450.24% in July 2008, where in fact the Index presented its 
lowest Sharpe Ratio too (-379.16%). In total, the winners Sharpe Ratio, 
outperformed the JSE Top 40 Sharpe Ratio in 84 months out of 154, which accounts 
for 54.55% of the time period. In contrary, the index Sharpe Ratio outperformed in 
70 months, or for the 45.45% of the time period. When checking for significance, 
performing the Student’s t-test, we found out that the p value is 0.3518 (t-stat: 
0.9325) which is lower than 0.05 at a 95% confidence interval. This way, we cannot 
reject the H0 that states that there is no significance. 
Moving on to the short positioned losers comparison, we get the following picture: 
 
 
34 
 
Figure 15: South Africa - Sharpe Ratios of short positioned losers vs Sharpe Ratios of JSE Top 40  
Here, we have a completely different image. By observing the graph, it becomes 
clear that the Sharpe Ratio of the JSE Top 40 outperforms the Sharpe Ratio of the 
Short Positioned Losers. It moves mostly above the zero line, in contrast to the other 
one, which seems to have many values below zero. For example, in the months April, 
May and June of 2005, the Sharpe Ratios of the Index were 254.47%, 126.83% and 
231.81% respectively, while for the same time period the short positioned losers had 
Sharpe Ratios of -154.97%, -21.46% and -151.19%. In total, the JSE Top 40 Sharpe 
Ratio outperformed in 96 months, or 62.34% of the total time period. In contrast, 
the short positioned losers Sharpe Ratio outperformed for only 58, thus limiting the 
momentum traces in 37.66% of the time period. What is more, when conducting the 
Student’s t-test, we found the p value to be 0.0000 (t-stat: -4.2558) which is below 
0.05 at a 95% confidence interval, as well as, 0.01 at a 99% confidence interval. So, 
we can reject the H0 of no significance.  
Portfolio Momentum Traces P value Significance 
Winners 54.55% 0.3518 No 
Losers 37.66% 0.0000 Yes 
Table 3: South Africa – Summarized Results 
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4.4 Mixed Portfolios Results 
For the final section of our data analysis, we look into the results of the mixed 
portfolios that were created, when we searched for the 5 best performing stocks, 
based on their 12-month momentum, independently of the country of origin. This 
way we created the winners portfolios that created companies from all countries. In 
the same manner, we created the losers portfolios that contained the worst 
performing stocks based on their 12-month momentum. What is more, as we 
mentioned in the methodology, instead of calculating an average of the three indices 
to use as the index, in this section we compare with their results of professors Fama 
and French (Hereafter, FF). Below, we present a graph that contains the comparisons 
of the 3-month returns of winners and losers portfolios and the results of FF. 
Figure 16: Mixed Portfolios - Winners and Losers portfolios returns in accordance with FF. 
The interpretation of the above graphs tells us that the winners portfolio is the most 
volatile. We can observe that it has many spikes and more outliers than the rest. This 
becomes more evident if we check the standard deviations. The winners’ portfolio 
has a standard deviation of 18.92%, followed by the losers portfolios with a standard 
deviation of 16.64%. Moreover, the losers portfolio presents the highest 3-month 
return in this section with a 105.21% in January 2016.  Contrary, the FF portfolio has 
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the lowest standard deviation observed in this research paper. It is 6.14%.
 
Figure 16: Mixed Portfolios – Average 3-month Returns for the Examination Period (2004-2017) 
Winners portfolios has the highest 3-month average reutns among the group, with 
an 4.54%. It is followed by the losers portfolio with an 3.42% average and the FF 
portfolio with an 1.39% average. However, the FF portfolio presented positive 
returns for the most months in the time period with 97, followed by winners with 94 
months, while the losers portfolio had returns above zero for 84 months. 
 
Figure 17: South Africa – Losers Return and their Short Position 
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As is stated from the previous graph, we once again implemented the “short the 
losers” strategy. In a similar manner with the previous examinations, the losers 
portfolio again provided with the highest 3-month return that was documented in 
this section. As mentioned above, if we had bought a stock based on their low 12-
month momentum in January 2016, we would have returns of 105.21% after three 
months. However, as it is mentioned we implemented the inverse strategy. After 
that, we calculated the Sharpe Ratios. 
 
Figure 19: Mixed Portfolios - Sharpe Ratios of Winners vs Sharpe Ratio of the FF portfolio 
We can understand by observing the graph that the results are somewhat in balance. 
By counting the number of months that the winners portfolio Sharpe Ratio 
outperforms the FF Sharpe Ratio, we reach to the number of 80. That accounts for a 
51.95% of momentum effects that can be traced in the time period. In accordance to 
that, FF Sharpe Ratio outperforms for 74 months, or the 48.05% of the time period, 
giving us the most equitable results documented in this research. However, by 
performing the Student’s t-test, we found that the p value is 0.8376 (t-stat: 0.2051) 
which is well above the 0.05 for a 95% confidence interval. As a consequence, we 
cannot reject the H0 that states that there is no significance.  
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The examination of the Sharpe Ratios of the short positioned losers and the FF gave 
the following picture: 
 
Figure 20: Mixed Portfolios - Sharpe Ratios of short positioned losers vs Sharpe Ratios of the FF portfolio 
In this graph we get a clearer picture. FF Sharpe Ratio severely outperforms the 
Sharpe Ratio of the short positioned losers. It has many more value above zero as 
well. What is more, we see that the FF Sharpe Ratio outperforms for 95 months or 
for 61.69% of the time period, while its counterpart outperforms for only 59 months 
and thus, momentum effects are traced for only the 38.31% of the 2004 to 2017 
period. In addition, by performing the Student’s t-test for significance, we arrived at 
a p value of 0.0002 (t-stat: -3.7126) which is below 0.05 for a confidence interval of 
95%, as well as, 0.01 for a 99% confidence interval. As a result we are able to reject 
the H0 of no significance.  
Portfolio Momentum Traces P value Significance 
Winners 51.95% 0.8376 No 
Losers 38.31% 0.0002 Yes 
Table 4: Mixed Portfolios – Summarized Results 
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CHAPTER 5: DISCUSSION 
In this section, we are going to provide a more thorough look into the results, discuss 
any particular implication and provide some recommendations for the future of the 
research in this field. 
5.1 “Long the Winners” 
Below, we present a table with the summary of the winners portfolios results. 
Country Average 
Return 
Standard 
Deviation 
Momentum 
Traces 
Significance 
Brazil 2.09% 13.62% 44.16% No 
China 6.98% 20.65% 61.18% No 
South Africa 4.98% 10.61% 54.55% No 
Mixed 4.54% 18.92% 51.95% No 
Table 5: Winners summarized results 
First of all, we notice from the above table, that the all the portfolios that were 
created based on their big 12-month momentum factors have standard deviations 
above 10% and in the case of China even greater than 20%. This means that the 
portfolios are very volatile. In addition, we should mention that all of the portfolios 
had presented positive average 3-month returns throughout the period of 2004 to 
2017 and with the exemption of the portfolio in Brazil all had average 3-month 
returns that outperformed the respective return of the main index, while the mixed 
portfolio had a higher average than the FF portfolio. By conducting the Sharpe Ratio 
comparison that was described in Chapter 3 we located momentum traces in China, 
where for the 61.18% of the time period, the Sharpe Ratio of our portfolio 
outperformed the Sharpe ratio of the main index in the country, the Shanghai 
Composite. In South Africa, we also found evidence of momentum, as the Sharpe 
Ratio of the portfolio outperformed the one of the main index, the JSE Top 40 for the 
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54.55% of the time period. In Brazil however, momentum traces were evident for 
under the 50% of the time period, accounting for only 44.16%. Finally, when 
constructing portfolios from all the three countries, the result is way more balanced 
as momentum traces were found in the 51.95% of the months. Notwithstanding, 
when conducting a Student’s t-test to determine the significance of our results we 
found that none of our findings concerning the “winners” were statistically 
significant as the tests provided us with p values well above the 0.05 for a 95% 
confidence interval. 
5.2 “Short the Losers” 
As we discussed in Chapter 3, we decided to follow the “short the losers” strategy. 
Below, present the summarized results based on that strategy. 
Country Average 
Return 
Standard 
Deviation 
Momentum 
Traces 
Significance 
Brazil (-) 2.72% 21.83% 45.45% Yes 
China (-) 8.27% 23.02% 44.45% Yes 
South Africa (-) 2.45% 14.22% 37.66% Yes 
Mixed (-) 3.42% 16.64% 38.31% Yes 
Table 6: Losers summarized results 
One assumption that was made during our research was that the losers portfolios 
were the ones that were the most volatile. With the exemption of the mixed 
circumstance, the losers portfolios had greater standard deviations in all of the 
documented examinations. Moreover, in all circumstances the losers portfolios 
presented the highest individual 3-month returns. Another finding that needs to be 
taken into account is that despite the fact that these portfolios were formed in the 
essence of a small 12-month momentum, they all had positive average 3-month 
returns and especially in China, the losers portfolio there had the highest return 
among its group with 8.27%. Nonetheless, when conducting the Sharpe Ratios 
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comparisons we found that none of the portfolios offered great momentum 
evidence. We could not locate momentum traced in neither of the countries, nor the 
mixed, when implementing the “short the losers” strategy. Furthermore, the 
Student’s t-test we conducted provided us with p values lower than 0.05 and in most 
cases lower than 0.01, thus making our results statistically significant.  
To summarize we can say that we were not able to locate strong traces of 
momentum during this examination. The “winners” portfolio provided some 
momentum evidence, especially in China, however, the results proved to be not 
statistically significant. Similarly, we were not able to locate momentum evidence 
when we short sold the “losers” as nowhere the Sharpe Ratios of the portfolios 
outperformed those of the market. 
5.3 Comparison to the Literature 
In Chapter 2, we provided evidence of momentum from the literature, with regards 
to the countries that we took under examination. Rouwenhorst (1999) proved 
momentum when taking mean data from all the countries, including Brazil, however, 
when examined Brazil individually, could not provide similar results. In the same 
essence, when we examined Brazil alone, we could not find strong evidence of 
momentum traces. Piccoli et al. (2015) found some weak evidence, which could be 
explained by financial crisis. In China there were some contradicting results as Wang 
Su-sheng & Li Zhi-chao (2013) found both evidence of momentum and contrarian 
strategy, while Li (2010) found evidence only in contrarian strategies. In our research 
we found evidence of momentum, when selling the “winners”. For the most time 
period under examination, the Sharpe Ratio of our portfolios outperformed the 
Sharpe Ratio of the main index however our results were not statistically significant, 
and thus, we cannot say with certainty that there were no other factors that 
facilitated this. On the other hand, when “shorting the losers”, momentum was not 
traced. In South Africa there were several studies (Magnusson and Wydick (2002), 
Van Rensburg and Robertson (2003), Venter (2009)) that tried to find evidence of 
momentum in the market but were proven to be unsuccessful. The aforementioned 
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study of Rouwenhorst in 1999 proved the existence of momentum in several 
emerging markets by mean data, however we were not able to agree as our results 
proved either statistically insignificant with respect to the “winners”, or we could not 
find evidence with respect to the “losers”. 
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CHAPTER 6: CONCLUSIONS  
The aim of this research was to determine if there are momentum traces evident in 
emerging markets. As we stated above, the majority of the literature concerning 
momentum effect was focused on U.S.A. market and in Europe, so we thought that 
we would add some new insights in a field that was not searched enough. Because of 
time and space constrain, we focused on Brazil, China and South Africa. The basis of 
our research was the 1993 paper by Jegadeesh and Titman. We used the strategy of 
12/3 (observe the stock for 12 months and hold for 3 months) and proceeded selling 
the “winners” and shorting the “losers”. To provide answers to our research 
questions we could say that there are some indications of momentum in these 
markets, especially in China, however the results deemed statistically insignificant. 
On the other hand, our research found that all the portfolios that we created had  
positive average returns and a selling strategy based on these portfolios could be 
described as profitable, as in most cases, our average returns outperformed the 
returns of the indices. However, they are in accordance with the existing literature in 
the specific field, as it is very rare to trace momentum in these countries. 
6.1 Limitations 
First of all, as it is noted in Chapter 3, the calculations were executed in Microsoft 
Excel. However, programming languages such as MATLAB and R would be highly 
suggested, as they are more dynamic. What is more, this research took into account 
only three of the countries that are classified as emerging markets and in the 
construction of the mixed portfolios, there was not consideration of the issues that 
may arise due to the difference in currencies of these countries or inflation.  
Moreover, most of similar studies look into bigger time periods, while in this study 
we took 13 years under examination. Another issue to take notice is that the number 
of companies is limited to 30 per country to allow us to create portfolios with 5 
companies each, while in most of the literature there are more companies and the 
portfolios are mainly constructed with more than 5 companies in them. 
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6.2 Recommendations and Further Research. 
We think that our research would prove useful to investment professionals and 
academians who are interested in investing in emerging markets. However there is 
plenty of room to investigate further this topic. First of all, the group of BRICS (Brazil, 
Russia, India, China, South Africa) as a whole could be examined and maybe more 
thorough results and assumptions could be made. Another possibility is to take into 
consideration much more emerging markets. Moreover, research can be made to 
determine the existence of momentum effect is other special geographical regions 
such as the Balkans, Latin America, South East Asia, etc. In addition, more strategies 
can be examined. In our paper we implemented the sell the “winners” and short the 
“losers” strategies, however, researchers can focus more in contrarian strategies as 
did De Bondt and Thaler in 1985.  Finally , there is plenty of room for research in 
other investment strategic fieds, such as the bet agaist the beta or the accruals 
momentum strategy. 
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Appendix 
Student’s t-tests  
1. Brazil: “Winners” Sharpe Ratio and BOVESPA Sharpe Ratio 
 
 
 
2. Brazil: “Losers” Sharpe Ratio and BOVESPA Sharpe Ratio 
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3. China: “Winners” Sharpe Ratio and Shanghai Composite Sharpe Ratio 
 
 
 
 
4. China: “Losers” Sharpe Ratios and Shanghai Composite Sharpe Ratio 
 
 
 
 
 
 
 
 
50 
 
5. South Africa: “Winners” Sharpe Ratio and JSE Top 40 Sharpe Ratio 
 
 
 
 
6. South Africa: “Losers” Sharpe Ratio and JSE Top 40 Sharpe Ratio 
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7. Mixed Portfolios: “Winners” Sharpe Ratio and Fama & French Sharpe Ratio 
 
 
 
 
 
 
8. Mixed Portfolios: “Losers” Sharpe Ratio and Fama & French Sharpe Ratio 
 
